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Operationalizing migration is non-trivial

Two dimensions:

1. spatial movement across a boundary
2. for a non-temporary or “permanent” length of time

“[T]here is no theoretically grounded definition of permanence” (Williams and Hall 2002, p.
4)



Bell and Ward (2000)
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Digital Trace Data

<USERID, TIME, LOCATION >

* No agreed upon standards for how to measure migration from these data
« A new opportunity to reconceptualize migration?



So what?

e Evaluating data quality and biases

e Improving estimates of migration flows

e Forecasting changes in migration patterns

« Harmonizing across different institutional definitions



Looking Ahead

We, as an intellectual community, currently lack:

» methods for measuring migration from “digital trace data”

 anempirical basis for conceptualizing migration and circulation (short-term mobility) in
a holistic framework

1. Discuss our method

2. Propose hypotheses

3. Present our data

4.Evaluate three internal migration contexts
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3. Interval
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Indentifying Migrants
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Indentifying Migrants: Changing the Start
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Indentifying Migrants: Changing the Buffer
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Indentifying Migrants: Changing the Interval
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Indentifying Migrants: Changing the Interval
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Reasonable Hypotheses

1. Buffer

e asthe buffer increases in time, there will be less volatility in migration rates.

2. Interval

« astheinterval increases in time, there will be increasing rate of migration observed



Three Data Sources



Geo-tagged Tweets in the U.S.




Cellphone Call Detail Records in Senegal




Gowalla Check-ins in the U.S.
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Results: Twitter Data; One Month Buffer
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Results: Buffer, Interval & Start

senegal - buffer senegal - interval = senegal - start
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Conclusions

Regularity across three unique datasets
Increasing the size of the buffer reduces the overall volatility in the migration rate
Increasing the interval is associated with higher migration rates

This method offers a means to study circulation and migration in a holistic framework
using digital trace data
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